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Abstract

In the Kinoshita Laboratory, the primary research focus is on novel video and audio sensing technologies that leverage
machine learning. When it comes to sensing images and sounds, there are often situations where it is challenging to obtain the
desired information due to the physical limitations of sensors and environmental constraints. To overcome these challenges
and improve the quality of video and audio sensing, the laboratory is engaged in research on sensing technology, media

information processing, and machine learning techniques. This paper briefly introduces two research themes:

"High Dynamic

Range Imaging" in the context of video sensing, and "Acoustic Scene Analysis using Wireless Acoustic Sensor Networks" in

the context of audio sensing.
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